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Abstract

The object of this research was investigated the possibility of using Global Precipitation
Measurement Data (GPM) for estimating total suspended solids (TSS) in Pung River.
The longitudinal change of TSS and the correlations between GPM data and TSS were
examined. Moreover, the estimating models of TSS, which use GPM data as input data were
developed, by using a Group Method of Data Handling (GMDH). The results indicated
that the TSS levels in Pung River change along the length of the channel, the upstream
location had TSS value lower than the end of the river. Intermediate level of relationship
between 3-days, 7-days, and 14-days of GPM precipitation and TSS values were disclosed.
The TSS models using GPM data as input data had moderate efficiency; the estimated values
and the actual values varied in the same way. The validated models had the coefficient of
determination of 0.41 - 0.89.

Keywords: Suspended Solids; Computational Model; Channel; Group Method of Data Handling;
GMDH
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