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Abstract
Techniques for Recognizing and describing human movements have received much attention among researchers and
have been applied in a wide variety of human-computer interaction. This paper presents recognition of Thai traditional
dances by analyzing 3D data. The method recognizes 10 gestures using data from Kinect sensor which is a motion sensor
developed by Microsoft. Then, Self-Organizing Mapping (SOM) is applied to create gesture templates. Finally, the Posture
Transition Sparse Code (PTSC) perform calculating sequence of each gesture. Experimental evaluations show that the
method performed well in recognition of Thai traditional dance standards in real-time environments and provided high

accuracy in classification of 10 gestures at accuracy of 82%.
Keywords: Gesture recognition, Standards Thai traditional dance, Kinect camera, Computer visions
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