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Abstract

The Resource Description Framework (RDF) is commonly used as a standard for data interchange on the web. Due
to the current big data era, its size is prone to increase drastically. In order to speed up the large RDF data query, we propose
a novel RDF data representation along with the RDF query algorithm utilizing GPU processing. We also present the
representation that is suitable for RDF data and GPU processing, the indexing approach, the querying process in the GPU
and other techniques that increase the efficiency such as pre-upload filtering, ID assignment by using the term similarity of

term vector, and dimensional reduction to transform back to term ID. The experiments show that the developed framework
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utilizes the storage only 1/6 of the original one and can reduce the querying time. The speedup obtained can be up to 29.57

when compared with the RDF-3X system and 45.23 when compared to using gStore, a graph data store.

Keywords: RDF, Query Processing, SPARQL, GPU
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