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Power System Quality Evaluation Using Adaptive Neuro-Fuzzy Inference Systems
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Abst[act

This paper describes an approach to evaluate the power quality by means of Adaptive
Neuro-Fuzzy Inference Systems (ANFIS) of which reliability and distribution system quality are
taken account. The ANFIS is regarded as the hybrid configuration which is developed from
integration of together Artificial Neural Network (ANN) and Fuzzy Inference Systems (FIS)
technique. Herein, the reliability index is applied to be the ANFIS input, and the gotten outputs
are SARFI,, and SARFI,,,. The SARFI,, and SARFIL,,, indexes indicate the average amounts of
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voltage sag and voltage swell occurring to power system respectively, which both of the said

outputs are subsequently brought to determine the quality index result. Finally, the ANFIS’s result

comparing to ANN'’s, illustrated in this paper, shows that the ANFIS technique has been proved

it satisfies the final result more than using the ANN technique, both of error and training time.
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Voltage Sags below 90% at Lam Chabang Substation 2007
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