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Abstract

Nowadays, data classification helping many
kinds of work that manages large and similar datasets
in a rapid and effective manner. This article studies
results of comparison of Correlation Plot effectiveness;
asample group of data was classified using correlation
plot versus other well known methods (SVM, K-Mean
and Hierarchical). The experimental testing two sets
of data: academic articles from the conferences and
a sample books from the library. The experimental
results on both sets of data showed that accuracy of
Correlation Plot are 96.04% and 90.66%, respectively
which is higher than the other methods. And response
time of this method was found better than other

methods as well.
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Correlation Plane, Support Vector Machines
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