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Abstract

Thai people are interested in food because it is one of the important factors for living. It is also a part
of the Thai Culture. Consumers usually write reviews about it to share their experiences with friends on
social networks. This has resulted in numerous and sparse reviews about food and restaurants. This article
presents a restaurant recommendation model based on reviews in Twitter (X), called FoodFinder. The
reviews are divided into three categories i.e. positive, neutral, and negative reviews. The model collected
1,490 reviews from the social network, Twitter. The data were analyzed by Naive Bayes compared with the
Support Vector Machine. The results indicated that the prediction accuracy of review category with the
Support Vector Machine was 82.89 percent, which was higher than that of Naive Bayes that obtained 80.20
percent. Testing with unseen data revealed that model with Support Vector Machine method obtained
80.87 percent of accuracy, while Naive Bayes obtained 78.86 percent of accuracy. In addition, this article
also presents a data analysis by counting the number of words, hashtags and symbols that are appeared

in the reviews with TF-IDF to increase the accuracy of review category prediction.

Keywords: Social Network, Twitter (X), Restaurant Recommendation Model, Naive Bayes, Support Vector

Machine
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