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Scrap Cost Forecasting in Hard Disk Drive Industry

Phattarasaya Tantiwattanakul'* and Athakorn Kengpol?

Abstract

The purposes of this research are to study and
formulate scrap cost forecasting model in the Hard
Disk Drive assembly process which can provide more
accuracy in production planning and guidance to
improve the production process. According to the
current forecasting, calculated from the Key Performance
Index (KPI) of all assembly processes, the error about
30% exists which means that the production planning
is inaccurate. It also cannot be precisely specified the
cause of scrap. This research applied the correlation

analysis to select KPI which are related to scrap

cost and formulated scrap cost forecasting model by
using technique of regression analysis (RA) and artificial
neural networks (ANNs). The results from scrap cost
forecasting of product A, B and C showed that the ANNs
model resulted in higher forecasting accuracy than
RA model. The forecasting errors (Mean Absolute
Percentage Error: MAPE) of ANNs models were 11.88%,
11.33% and 11.24% for product A, B and C respectively.
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KPI —» HDD Process +—» KPO
- Yield - Scrap Cost
- Rework Ratio
- Debug Disposition

- Test Time
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ANNs 0.03 0.002 0.04 11.24
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