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Abstract

The study aims to compare the capability of indexing images: normalized difference vegetation index (NDVI)
and multispectral imageries of Sentinel-2 for identifying abandoned paddy fields in East Phayao. Maximum Likelihood
Classifier (MLC) was used as a classification method. The results show that the NDVI image and multispectral image are
reported overall accuracy values at a level of 60.78 and 38.80 respectively. It can be concluded that NDVI images with
the MLC method are an alternative approach to identify an abandoned paddy field and it is hoped that the proposed

method can be assisted in planning and administrating the land use effectively.
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