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Abstract

This research aims to study the performance of Support Vector Machine (SVM) using Landsat 8 satellite
imagery to identify the paddy field in Chun District, Phayao Province. Training point and the checkpoint for
classification accuracy assessment were developed from the Land Use Data Set from the Land Development
Department and field surveys. Training point consists of 6 levels including 25, 50, 75, 100, 125 and 150 points.
Supervised classification using SVM and Maximum Likelihood Classification (MLC) was compared by considering
the statistical values; overall accuracy and Kappa coefficient. The overall accuracy values from SVM are reported
at a high level of 89.66%, 89.90%, 90.89, 91.63%, 93.60%, and 94.33% respectively. And The overall
accuracy values are reported at 83.25%, 83.50%, 86.21%, 87.19%, 85.96% and 86.95% respectively when
MLC are applied. The Kappa coefficient values from SVM are also reported at a high level of 0.79, 0.80, 0.82,
0.83, 0.87, and 0. 89, respectively. And the kappa are reported at 0.67, 0.67, 0.72, 0.74, 0.72, and 0.74
respectively when MLC are in use. According the results, it was found that SVM is more effective than MLC to
identify the paddy field of the study area. It is hope that the method proposed in the study can be applied to other
similar image classification.

Keyword: Support Vector Machine / Maximum Likelihood / Image classification / Paddy field
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o

A7 1 HANTUaTRNANgNARsIadNITuUndayan WAL AE TN edRINIaTUNTEY (SVM) TUAE

Arnhazdugega (MLC)

1IN Fedwwadmaniaasuna@u (SVM) Aganaianiiugega (MLC)
9ARBEN ArANgniiag AdnUseAnsualin  Ananugndias AdNUsEANSuALLn
Tassan (0A) (Kappa) Tazsas (0A) (Kappa)
25 89.66 0.79 83.25 0.67
50 89.90 0.80 83.50 0.67
5 90.89 0.82 86.21 0.72
100 91.63 0.83 87.19 0.74
125 93.60 0.87 85.96 0.72
150 94.33 0.89 86.95 0.74
Overall Accuracy (OA)
100.00

95.00 C—

90.00

85.00 —

80.00

25 50 75 100 125 150
17

e Overall Accuracy SVM e Overall Accuracy MLC

Ui 7 ﬂﬁ'mlLﬂ%ﬂuLﬁﬁuﬁﬁmwgﬂﬁﬂﬂmmqu (OA) FEWINSIBENNESALINB DS UNLEU (SVM)

wazAsANaziiugega (MLC)

Kappa Coefficient (Kappa)

1.00
0.95
0.90
0.85 e
0.80 o o —
0.75
0.70 .__./’——'4'\.._—.
0.65
0.60
25 50 75 100 125 150

@@= Kappa Statistic SVM =@ Kappa Statistic MLC

U1 8 neifRsuiieuAtaNLsEANSUALILN (Koppa) ssndsdadnnadnnniaasungiuy (SYM)

wazAAnNaniiugega (MLC)
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5. a5UNansANYY

nsdunnfiufilgninafasitdwnasminimasusadu (Svm Tiaraasgndinslagsan (SYM-0A)
289n139uNN tWynqadaatng (25, 50, 75, 100, 125 uaz 150 qm) winu3suay 89.66, 89.90, 90.89, 91.63,
93.60 uazdanay 94.33 ANANRY dawdBnissuuniayaninuuuauiianiivgegaliidiaaugniie
Tagsana89nN1597Uun (MLC-0A) 1infiu¥aaas 83.25, 83.50, 86.21, 87.19, 85.96 LArinuar 86.95
AR UazA1ANUsEANEuALUN (Koppa ) 91nn99tunndayasiaedidnnadaaniaasunau (SYM-
Kappa) winfiu 0.79, 0.80, 0.82, 0.83, 0.87, uaz 0.89 suasu fauAtanlszAnsuatii (Kappa ) 10019
éqLLuﬂ%mdmmumﬂmiwuﬂu'gqqm (MLC-Kappa) ANy 0.67, 0.67, 0.72, 0.74, 0.72, Az 0.74
ATHAAL

anuanaTuuniuiilgninalienaduassdnud matanisduundoyaniniedddnnasnin
LABSUNYTEH (SVM) Tﬁﬂ'ﬁmmgﬂﬁmfﬂmqwmmiﬁhLLuﬂ%ﬂgﬂ (0A) uazAdNUszANBUAYLN (Kappa) oN

ﬂ'jﬁ%mﬁﬁLLuﬂ%md@mWﬁ%mwﬂwuﬁugqqm (MLC) Tuvlﬂi:ﬁuﬁqmuqmﬁ’q@ﬂwﬁﬁf%mu uaAs nE

'
P

UszAnsnmaedidmesninmafusydu (SYM) figandiisaansmineniiugegn (MLC) adnsdmansistusinu

AHgniiesassnisdLniieyauazandinInIsTIugadantiiTioandl Serenadosiiaideees

HEUABAUAZATY (Monddl et dl., 2012) Tanfluazaniy (Rokni et dl., 2014) uaz n5u u Swiuazenfinns Ty

2R (2560) wazqaiidnAnradisdwnasainmasunedu (SVM) fia Arwdinsnnsgadaatnsdmaniias

wiifissTirnmasgnéiasTnegan (0A) Tussiugs Aaanndasiusmiduresganuasuazane (Ustiner et al,

2015) vhaunsnagu#dn A3dnnedminmesunsdu (SYm) Lﬂuﬁ%mﬁ'ﬁﬁLLuﬂ%ﬂgﬂmWﬁﬁﬂi:ﬁm%mW@ﬁ

ndABAasneniiugegn (MLO) lASuAERasetnsnntunfnatnadnian
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