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ABSTRACT : This research developed a system for analyzing Thai videos published on
social media based on sentimental analysis method. It deployed a technique called
support vector machine to provide guideline for customers to make decision on their
goods purchase. It also provides guideline for business enterprise to manage enterprise
information regarding videos on social media both positive and negative perspectives
based on machine learning technique. First, this system extracts a dialog from
video and featured it to text by using a technique called Term Frequency-Inversed
Document Frequency (TF-IDF). Then, each text will processed by using a technique called
Support Vector Machine (SVM) to attain the result. Experimental survey shows that this
system achieved 98% of accuracy compared with 15 experts. It gained 4.79 of satisfaction
with 0.41 of Standard Deviation from 60 users. Finally, It is apparently shown that
this system: Sentiment Analysis System of Thai Video on Social Media Using Support
Vector Machine is capable of analyzing sentiment from Thai videos at very high efficiency.

Keywords : Sentiment Analysis, Social Networks, Support Vector Machine
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