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Sunutnreadiorfideudmiadednd nsfnwldyadeyaiivssnouesuutinendier fuddouunsiax
WA, 2563 Audousunau wa. 2566 Insutstoyasaniduansyn liun gndoyanisfindausifounsiau wa.
2563 fufousuriau wa. 2565 waryndeyansndeusaudifouunTem WA, 2566 Sufeusuem WA 2566
Fifeldrmunannindeuduysaliade (MAE) AsinfidesvesAianuaainindouduysaliadeindsans (RMSE)
wazA1AmAALAA suduysalied suuuduysalluguuuudesas (MAPE) lunisussiliudszansnnwedluna
7119 9 KaNsANWITEYIILIAG ARIMA danuusiudngean anuan1simeiiBadseuiisunuinluma ARIMA e

mwmmmLﬂﬁauiuﬂWiwaWﬂiiﬁﬁwﬁqm (MAE = 8,325.33 RMSE = 11,462.63 waz MAPE = 10.16)

ABSTRACT
The purpose of this study is to evaluate how well five time series forecasting models— ARIMA,
LSTM, Prophet, XGBoost, and Random Forest—predict Chiang Mai's arrivals of tourists. The study utilized a
dataset that comprised visitor counts from January 2020 to December 2023. We split the data into two
sets: a training set from January 2020 to December 2022, and a test set from January 2023 to December
2023. We used the mean absolute error (MAE), root mean square error (RMSE) and mean absolute

percentage (MAPE) to evaluate the models' effectiveness. The results indicate that the ARIMA model
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demonstrated the highest accuracy. The Comparative analysis indicate that the ARIMA model exhibits
the lowest forecasting error metrics among the models evaluated (MAE = 8,325.33, RMSE = 11,462.63, and
MAPE = 10.16).
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3.3.2 Long short-term memory (LSTM) (Greff et al., 2017) \Juinaidani ﬁgﬂﬁﬁuuwmﬂ
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3.3.3 Prophet model (Taylor and Letham, 2018) Waiulay Facebook TagldTauinauuuiiiy
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Ingdowhnisandnuiunsgads (Loss) wihldluaunis
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T &9 srwulnusvessulidndula

3.3.5 Random forest (Breiman, 2001) Lﬂuimmaﬁi%’é’aﬂa%ﬁumsL%‘auiimaqLﬂ%ia& (Machine
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i Final Result
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3.6 UseiliuuszandSnmveduna lagldisnisuseiludse@nsnm 3 35
3.6.1 ﬂ'?ﬂ’muﬂmmﬂgauﬁugiiﬁmgﬂ (Mean absolute error: MAE) (Vandeput, 2019;
Botchkarev, 2019) HuUnSInAR8 899 IANLLANA ST UL AT ENINeANTiANAN1SAIFUANESS AL NHARNS
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MAE = ~¥7,|A; — F| (16)
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3.6.237nNa@v3veeA1IAINAAIALARBUdNY Tl Lafy (Root mean square Error: RMSE)
(Vandeput, 2019; Botchkarev, 2019) Li‘]umii’ﬂﬂ'wLaﬁaﬂuaﬁmmLLmﬂ@hqﬁ‘gﬂEJﬂﬁwé’maaswdwﬁwﬁmmmifﬂﬁu
A193¢ wntlunensindiaes mwaldannisenidsaemanieseniteaian1saliuA1ase msmeduudeya

LADBATINNADIAIANNITA 17

1
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3.6.3 YegazvetAIAIUARIALAT B udUYTaliafe (Mean absolute percentage error: MAPE)
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3.7 nanlanadnsannsidewas tradnslvinmeilutuneuanying

NAN1SIVWUATIATAINE
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A15799 2 LERINANYINTAIVBILARLILAALBUNUAIDSY (Actual)

Month Actual ARIMA LSTM Prophet XGBoost Random forest
UNINAY 77,106 98,923 90,721 120,294 86,407 123,152
qumﬁuﬁ 85,610 87,282 88,929 106,568 110,282 90,425
funaw 78,912 79,776 88,434 77,753 108,305 96,374
LU 81,290 78,521 88,861 71,518 108,305 90,520
W WAAU 78,735 77,994 90,765 52,363 51,113 89,847
dnuiey 72,419 75,998 91,132 34,966 59,973 89,416
nINNIAY 75,879 78,362 90,478 30,075 68,265 90,348
dameu 73,931 84,774 89,495 31,732 68,265 85,147
fugIeu 72,826 91,547 88,331 34,376 68,265 88,778
fAAY 81,678 91,767 87,219 47,746 74,200 111,036
wqﬂ%mau 92,261 87,862 86,451 65,247 90,757 96,654
FUIAY 106,813 84,886 86,273 99,746 92,946 120,277
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AnalndifgsiuAasnniian daandlugui 4
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