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Abstract

This article aims to study the trends in carbon footprint (CFO) emissions using artificial neural networks (ANN)
in the transportation sector of small trailer companies in Thailand, based on vehicle efficiency metrics such as
Overall Vehicle Efficiency (OVE), Transportation Overall Vehicle Efficiency (TOVE), and Modified Overall Vehicle
Efficiency (MOVE). These metrics reflect the operational efficiency of trucks in various aspects, including engine
combustion, route management, and energy consumption in transportation. ANN can be utilized to analyze CO,
emission trends by considering factors such as speed, acceleration, payload weight, and road conditions. It can
also capture complex relationships within these data and accurately calculate CO, emissions. This suggests that
ANN can serve as a valuable tool for studying carbon footprint emission trends in the transportation industry.
Moreover, the use of ANN enhances forecasting accuracy and improves responsiveness to complex factors.
However, challenges remain in managing intricate datasets and addressing the costs associated with system
implementation and maintenance.
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