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Automatic Reference Point Detection for Breast Cancer

Diagnosis using Template Matching Technique
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Abstract

Feature extractions, which are the fundamental basis for
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information processing in all researches, mainly rely on
mathematical and statistical formulas to represent the signals
such as the average signal value, the period of signal, the
range of the signal, etc. In fact, these feature extractions are
formulated according to the modeling of the system and its
associated variables. In many systems, the theoretical
accuracies are very close to perfect, but, in reality, the nature
of the data is more complicated and diversities than the
modeled theory can capture. In practice, the faults could
come from 2 sources; the algorithmic faults and the feature
extraction faults. This research aims to extract the sought
features using alignment of Dynamic Time Warping (DTW)
method on the template provided by the expert. The proposed
algorithm is tested on a digital mammogram archive to perform
nipple localization which is the only reference point for breast
cancer image processing. The results show that the proposed

algorithm is extremely accurate for this application.

Keyword: Feature Extraction, Dynamic Time Warping,

Template Matching.
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