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Classification Paphiopedilum Images

with Visual Contents Using ANN
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Abstract
This paper presents a content-based classification method

for Paphiopedilum orchid flower images by using image
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contents, which helps reduce semantic gap that usually
occurs in text search, and hence improves image retrieval.
There are many research works trying to classify flowers in
various families which have obviously different visual
characteristics. So, we focus on orchid species only one
family-Paphiopedilum. The experiments are conducted using
pictures of 5 species of Paphiopedilum most Thai popular
using the visual features of the pictures to classification,
color-based and shape-based. The classification accuracy
by ANN is 90.5 percent.

Keyword: Image Classification, Classification using visual

contents, Paphiopedilum.
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