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Abstract

The problem and challenge of face recognition is the pose
of a face. The proposed approach aims to solve and increase
performance of face recognized by combining Image Partition
techniques with Real View-base Matching techniques. The
objective of Image Partition techniques is to find the parts
which match the closest to the face inputted by relying on
Local Binary Pattern methods in order to calculate the

histogram of each partitioned area of the image. After that, the

weight is calculated using Chi-Square Statistics. In the
experiment, three face databases were applied namely GTAYV,
FEI, and INDIAN. These are employed to compare recognition
rates by the proposed approach to EigenFace and EigenFace
using Real View-based Matching. The results of the
experiment, we found that our proposed technique has
improved the recognition rates which are higher than the

existing ones.

Keyword: Face Recognition, Pose of Face, Real View-based
Matching, Image Partition, Local Binary Pattern.
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