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Abstract

This research suggests the development of personnel
assessment system using Artificial Neural Network (ANN).
The artificial intelligence technology was applied to increase
the efficiency of personnel assessment system in the
university. In this system, five features were extracted from
important data of personnel operating results in each terms,
i.e., quality, research, culture, responsibility, and behavior.
All features are taken as input into the ANN to assess the
results of personnel. The cross validation was used to test the
efficiency of the techniques. The proposed method was
compared with the Bayes method and the K-nearest neighbor
method. From the experimental results, it was found that the
proposed method had better efficiency than the compared
methods. Our method can assess the result of personnel very
efficiency. The experimental results from proposed method
are very close to the assessor and it can assess the personnel
faster than the assessor. It is believed that the proposed
method can be a suitable approach for developing the
efficiency of personnel assessment system for good
performance. The proposed method can further be applied to

any assessment problems.

Keyword: Automated ICD Coding , ICD Knowledge Base,

ICD Experience Base.
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