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Abstract

The declining number of students has become a pressing issue,
impacting many universities worldwide, both in the present
and the future. Currently, there is an increase in the number
of public and private universities. However, university enrollment
rates are decreasing, leading to intensified competition among
universities for student admissions. The objective of this
research is to predict fields of study trends in Bachelor degree
of University applicants and to use this information for
decision-making, resource allocation, and university curriculum
development by using Data Mining Technique. The predictive
models in this study comprise 3 formats: Naive Bayes,
Logistic Regression and Decision Tree. The dataset used in
this research is sourced from the information system of
the Academic Promotion and Registration Division at
Nakhon Pathom Rajabhat University, encompassing undergraduate
student records from the academic years 2014 to 2018,
totaling 89,847 records. The results of comparing the performance
of data classification models using K-Fold Cross Validation
revealed that the best-performing prototype model is Logistic
Regression, with an accuracy of 61.3%. This research can be

applied to predict trends in prospective undergraduate
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students' selection of academic majors, inform strategic
decision-making, and facilitate resource allocation within

the university.

Keywords: Data Mining, Prediction, Naive Bayes, Logistic

Regression, Decision Tree.
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